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Summary 
Web traffic, also dubbed as “eyeball”,  is the amount of data sent and received by visitors to 
a website. Many researches have done proving the positive relationship between web traffic and the 
value of firm, but few has done on startup companies and the different effect cast on B2B companies 
and B2C companies. Due to the booming fintech industry, I analyzed fintech startups launched from 
2008 to 2018. By using regression analysis, I have found out there is a positive linear relationship 
between web traffic and the total funding startup companies can secure. In addition, B2C fintech 
startup companies is more influenced than B2B fintech startup companies by web traffic. This result 
has some practical implications for both investors and startups. Investors can use web traffic as a 
criteria to evaluate the startup’s value while startup companies can take advantage of web analytics 
tools to attract more visitors for their websites. B2C startup companies ought to put more efforts on 
building their websites and attract more website visitors using some techniques such as choosing an 
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CHAPTER 1. INTRODUCTION 
Section 1. BACKGROUND 
Internet has become an integral part in our daily life. We use internet to search, communicate, 
work, or running streaming media. Technically, these activities are like driving cars on the internet 
road. “Web traffic is the amount of data sent and received by visitors to a website” (Wikipedia, 2020). 
The minute internet runs, web traffic starts and attracts audiences’ attention and this is why web traffic 
is also dubbed as “eyeball”.  Since the invention of world wide web, companies have been struggling 
to show better themselves on their web page such as building their official website, opening social 
media account, promoting ads, conducting webinars, etc. Even though the companies present 
themselves in many forms, people go to their official website whenever they want to find about more 
about the comp any. Nowadays, maintaining an official website for a company is like wearing clothes 
for people, necessary but with personal style. A company’s website can broadcast much information, 
including product details, company information, and latest corporate news. This is also why web 
analytics became a booming business for companies to show off, because website contains 
information for outsiders to evaluate.  
Why web traffic is important? Without good traffic, a mass number of consumers will have no 
way to reach the website. For consumers-reliable companies, low we b traffic could possibly lead to 
less sales/profit. However, a decent number of web traffic can help maintain the relationship between 
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company and customers. In the long run, it could lead to more consumer-driven profit. On the other 
hand, web traffic can be captured easily and analyzed by professional companies such as Google 
analytics or similarweb, so that they can find out what went wrong and where can be improved. 
With technology developing fast, startup companies started to emerge and became the new 
buzz word. According to Wikipedia (2020), “startup is a company or project initiated by an 
entrepreneur to seek, effectively develop, and validate a scalable business model.” Unlike established 
firms, startups are featured with instability of development. It could develop into a multibillion 
unicorn or end up with being sold at a cheap price or a total failure. American car maker Tesla started 
from small and grew into a mega electric car maker while Chinese car maker Nio’s share price 
dropped nearly to bottom. Along with the new buzz’s development, startups mushroomed in different 
kinds of industries, including tech startups, energy startups, consumer goods startups, healthcare 
startups and so on. But I chose fintech startups because Fintech is the new type of business with 
disrupting power to shake the financial sector. It soon attracted many investors and consumers hoping 
for a new tipping point. Financial technology, also known as Fintech, is defined as using technology to 
deliver financial solutions. It first emerged in 1990s, but the financial crisis occurred in 2008 when the 
public has trust issues with financial institutes like banks or brokerages. 2008 was a dividing line after 
which technology has been the main topic for financial companies to change over. FinTech, therefore 
starts to step into a new era when technology takes the lead and point out the direction. Digital 
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transformation is the direction. “Consumers started to distrust traditional financial institutes, and 
technology companies were set up to challenge them. Policymakers have concentrated on making 
finance safer and stuffed the banks with capital. Like other disrupters from Silicon Valley, “fintech” 
firms are growing fast. They attracted $12 billion of investment in 2014, up from $4 billion the year 
before” (The Economist, 2015). 
As mentioned above, web traffic is very important for company to earn profit or improve, and 
previous research has already testified web traffic’s influence on firm value of established Internet 
companies, such as stock price of an internet company, CEO compensation, book value, etc. But how 
about fintech startup since it is such an influential industry at present. Few researches have done in this 
dimension. Because fintech companies are still new comparing with other traditional industries, they 
need to overcome two obstacles before a final success. First, startup companies don't know who will 
invest them and investors possibly do not know them neither. They both are separated and no 
information flow well transmitted between them. Second, they do not know what would attract 
consumers and achieve a good result finally. They know it is good to attract more users. But how? 
According to previous research, attracting more website visits is one of the solutions. For startup 
companies, exits would be the final success but growth (keep acquiring funding) is still important. If 
the company websites are keeping stable inflow of website users, it means they are growing, steadily.  
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Unlike traditional mega companies, on startup companies’ websites, there are always more 
details including team, investors, partners., etc. The reason why companies, especially startup 
companies, addresses the importance of building informative website is that portal is one of the 
platforms for the company to promote itself in order to attract more funding and clients. Funding is the 
lifeline of startup companies. Therefore, finding out what would boost funding is very important for 
startups. But compared to big and established companies, startup addresses growth opportunity 
including more funding. Anything leads to growth means the most to startups. Therefore, how to 
attract more funding is essential for startups. 
In terms of attracting funding, established firms would seek IPO to make it happen while 
startup companies need crowdfunding, angel investment or venture capital in the very early stage. In 
addition, financial statements not usually available for startups because quite a lot of them have not 
made revenue yet. Therefore, there are not many information for investors to evaluate the start-up 
companies. Investors of startup companies know little information unless they go to the website or talk 
face to face, which perhaps explains why web traffic, can be key non-financial indicator of the funding 
outcome.  
Many researches have done about how to generate and analyze web traffic in the field of 
marketing or advertising strategy for companies. Even in the business world, web analytics became a 
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profit-making tool on the market. Google analytics is one of the examples. But only a few have done 
the analysis of the web traffic’s influence in capital market, especially for startup companies.  
Therefore, in this paper, I try to research on web traffic influence on the funding results of 
fintech startups.  These technology companies are usually consisted of a small team of members 
except some unicorns like Ant Financial, Square, Go-Jek, etc. Because some young companies only 
have limited number of people, they have limited resources and money to show themselves. Using 
their website seems to be an easy and cost-saving way to raise their value. But can it truly improve? 
In the meantime, web traffic is not universally beneficial to all companies. Web traffic is 
attractive for social network platform (TikTok, Facebook, Instagram), content providers (New York 
Times, Nikkei Asian Review), news portals such as Smartnews or Buzzfeed and of course 
e-commerce website (Amazon, taobao, etc) (Rajgopal, Kotha and Venkatachalam, 2000).  For some 
companies, website visits mean sales directly. For example, shoemaker Allbird, online supermarket 
Seiyu and so on. However, web traffic is of no use or limited for some SaaS or PaaS companies which 
sells solutions of how to simplifies the logistics of supply chain. This is why only a limited number of 
people know salesforce, Atlassian or Alteryx. Hence, I started to question web traffic’s different 
influence on different business models. Fintech startup companies are comprised of three types of 
business models: B2B, B2C and a mix of B2B and B2C. Different business models take different 
business strategies and their target clients are different.  
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I explore the web traffic’s influence on B2B and B2C fintech companies respectively, trying to 
test which type of business model will be more influenced by web traffic. B2B companies, according 
to the name, business to business, it seems less likely to be affected by number of traffic visitors 
compared with B2C companies which targets consumers. For example, Transferwise, a cross-border 
payment startup who is challenging traditional banks’ swift system, need mass public’s attention. The 
more website visits, the more interest consumers have and the more possible users it could attract. 
Furthermore, higher number of users would lead to more funding. However, for example, Airwallex, a 
cross-border money transfer company as well, is set up to serve companies. They are not desperate for 
so many eyeballs because their potential customers are companies which they need to approach before 
scaling up. Therefore, the research on B2B and B2C companies’ different influence is worthy to test 
for results.  
Of course, there is another type of business model, which is a mix of B2B and B2C, but I put it 
into the same category as B2C because it still need to follow the basics of B2C companies’ rules. 
The paper consists of four chapters as follows: Chapter 1 includes background, literature 
review, research questions and its theoretical background. Chapter 2 describes the research method in 
details including the dataset and variables and raised research questions. Chapter 3 explains the 
regression analysis, posted the results and additional findings. Chapter 4 finally presents implication, 
limitation and conclusions. 
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Section 2. LITERATURE REVIEW 
Web traffic has long been discussed since the introduction of internet in 1990s. But it has been 
researched in different dimensions. In the very beginning, it was analyzed in the context of technology 
with researchers trying to found out the underlying technological nature and basic structure 
(Hernández, F, Smith, 2003). Later after, researchers started to go deep into web traffic, analyzing its 
generators after doing research on on users’ searching activities, confirming search engine is essential 
(Qiu, Liu, Chao, 2005). Plaza (2009) analyzed what will produce effective web traffic and found out 
return user visits are the mainstream sources of website visiting. Researchers have all agreed on the 
conclusion that web traffic evolves along with time (Sunghvan, Vivek, 2011). In the meantime, web 
traffic effect started to be widely researched, especially when used to analyze better marketing or 
advertising strategies. “The use of web analytics to improve online marketing dates back to the 1990s 
when the first web analytics systems were developed” (Keating, 2000). 
In the early time, although web traffic has been widely discussed in various dimensions, there 
are not many researches on its effect in capital market. Since the end of 1990s, some researches started 
to discuss web traffic as a non-financial economic indicator to evaluate the value of the firms. But it 
was until 2000 and 2001 when related research became active and marked these two years as the most 
productive year for web traffic analysis. Trueman, Wong and Zhang (2000) claimed that financial 
statement information is of very limited use in the valuation of internet stocks and they then used two 
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"eyeball" measures including unique visitors and page views to prove the relation between eyeball 
measures and stock price. But Keating (2000) commented their paper and insisted that “the TWZ's 
analysis is constrained by the short trading history, limited financial and non-financial data, and a 
small sample size because the internet is a new industry”. She even offered suggestions for future 
research on "New Economy" firms. Hand (2000) examined the role of accounting and maintained that 
highly relevant to stock price, but the relationship is in a non-linear way. But Rajgopal, Kotha and 
Venkatachalam (2000) was consistent with previous researchers proving that web traffic is relevant 
with market value or stock prices of internet firms. They analyzed the relationship after controlling 
accounting information. Jorin and Talmor (2001) conducted study testing the evolving role of 
common financial statement and web traffic metrics for Internet companies and they concluded that 
there is a “negative time trend” in the eyeball measures. In other words, the value relevance delivered 
by eyeball measures has ebbed away over the 24 months period. In the same year, Hand (2001) tested 
the importance of three factors (web traffic metrics, shares supply and economic fundamentals) and 
concluded that neither shares supply nor web traffic drive would boost internet stock values. Within 
the web metrics, only the number of traffic visitors was tested important to share prices. In the same 
year as well, Davila and Venkatachalam (2001) investigated the role of non-financial performance 
measures in executive compensation and found out that web traffic was positively associated with 
CEO total compensation and total change in CEO wealth. 
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Both Rajgopal, Kotha and Venkatachalam (2000) and Jorin and Talmor (2001) reported strong 
relation between web traffic data and internet stock prices. But it is only limited to listed companies 
rather than startup companies and it did not consider the difference between B2B and B2C companies 
except Rajgopal, Kotha and Venkatachalam (2000) who proved that the eyeball measures are 
positively related to the market value of B2C internet company, but it is still restricted to mature 
internet companies. Davila and Venkatachalam (2001) applied similar test in CEO compensation 
rather than the budding companies. 
However, research on the relationship between web traffic and firm value has temporally 
paused after the dotcom bubble shakeout in 2000. Financial analysts started to question the credibility 
of web traffic to assess firm value (Gupta, Lehmann, Ames Stuart, 2004).  However, marketing 
researchers have been working to restore the credibility of these traffic measures in terms of how they 
capture the effects on the online sales of the firm (Johnson, Bellman, Lohse, 2003). Luo and Zhang 
(2013) adopted a vector autoregression with exogenous variables (VARX) model which can analyze 
the evolution and interdependence between dependent variables. In the meantime, they tested the 
dynamic relationships of consumer buzz and traffic against firm value. They later found out that 
consumer buzz and web traffic have some mediation effects. But they did not specify to startup 
companies and web traffic’s direct effect. 
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In terms of research on B2B and B2C business models, most related research are about 
management of B2B and B2C, brand strategy or marketing strategy. Iankova, Davies, Archer-Brown, 
Marder and Yau (2019) consider social media is less important for B2B companies in customer 
relationship-oriented activities than other business models. Kotha, Rajgopal and Venkatachalam 
(2001) found a positive association between traffic and online customer experience quality gauged by 
composite score. They then documented that online customer experience moderates the relationship 
between web traffic and sales. But still, few researchers have done research on web traffic’s effect on 
B2B and B2C companies and their difference.  
As to the funding outcome, using twitter posts as samples, Jin, Wu and Hitt (2017) analyzed 
social media activity’s effect on startup companies’ funding outcome and found out that an active and 
frequent presence on social media such as Twitter and active interaction with corresponding users 
could enhance the possibilities for a startup will to wrap current round, explore more investors or raise 
the volume of funding,  
My research adopts the same strategy with the previous research done by Jin, Wu and Hitt 
(2017) but I use web traffic as criteria to evaluate the association with startup companies’ funding 
results. And I would like to discuss the different influence on B2B and B2C companies. Moreover, I 




Section 3. RESEARCH QUESTIONS 
As previous research has proved relevance of the web traffic with firm’s equity value of 
internet companies, CEO compensation and firm’s value, I am curious to find out if web traffic is still 
relevant now with so many nascent fintech companies coming out. Comparing to mature internet 
companies such as FANG companies, there are so many small sized, less known, technology-based 
companies. Fintech companies is one of the types of business. It has both technology and financial 
features and it is quite new to the public. 
Therefore, I came up with the main research question to test web traffic effect on fintech 
startups. 
The number of web traffic visitors is positively linked to the funding volume received by 
fintech startups (Hypothesis 1) 
However, on the other side of web traffic is the growth of running traffic. For some companies, 
it may start small but if it maintains high growth rate, would it attract more funding? In addition, for 
companies which has already caught enough eyeballs, would it still attract much funding if its 
websites stopped growing? Thus, it brought my second hypothesis: 
High growth of website visits would bring up funding results. (Hypothesis 2) 
In almost every industry, B2B and B2C business model coexist to serve their clients.  But B2B 
and B2C clearly take different strategy to boost their business. B2C companies will spend a lot of 
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money in advertising and marketing to brand themselves because their client base is the mass public. 
But B2B companies need to focus and provide customized services. It reminds me that different client 
approaches would lead to different effect posed by web activity. Hence, I would take further test to 
clarify web traffic effect on B2B and B2C company respectively. Because B2C companies need more 
interaction with consumers and as Rajgopal, Kotha and Venkatachalam (2000) found that the value 
relevance of traffic comes out because that network effects are intangible assets and benign customer 
relationship can bring future indirect sales. It would mean B2C which focuses more on customers 
could have more possibilities to be influenced. Hence, I came up with the second Hypothesis: 
Web traffic will cast more effect on B2C fintech startups than others (Hypothesis 3) 
 
Section 4. THEORETICAL BACKGROUND 
In the capital market, information asymmetry problem commonly exists. “Information 
asymmetry deals with the study of decisions in transactions where one party has more or better 
information than the other.” (Wikipedia, 2020). Information asymmetry problems may cause an 
imbalance of power during information exchange process. The information transacted would be 
wrongly sent, go too far or cause a total failure. Examples of this problem are adverse selection, moral 
hazard, and monopolies of knowledge (Wikipedia, 2020).  
Speaking in capital market, investors face two difficulties: First, it is not possible that investors 
know all the existing valuable companies for comparison. They need to pay a lot of money for research 
or spend a lot of time to search by themselves（Inderst & Muller, 2004). Second, startups don’t have 
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traditional physical assets and steady cash flow which are the evaluation criteria just as established 
firms (Aldrich & Fiol,1994). These challenges, however, is not difficult to solve as long as there are 
enough communication between the two parties: investors and companies and information inside 
networks among investors themselves. (Hochberg, Ljungqvist, & Lu, 2007).     
Signaling is the idea that one party credibly conveys some information about itself to another 
party (Wikipedia, 2020). Signaling theory can be applied in this context because it is fundamentally 
concerned with reducing information asymmetry between two parties (Spence, 2002). Signaling 
theory is useful for describing behavior when two parties (either individuals or organizations) have 
access to different information. Usually, one party (the sender), must choose whether and how to 
communicate or send that information/signal while the other party, (the receiver), must choose how to 
interpret the signal (Connelly, Trevis, Reutzel, 2011).  
Considering these, startups’ operating website can help reduce the information asymmetry 
problems. First, it sends out the information to attract potential investors. It can include the product or 
project information, team members, past investors, etc. Second, the record of web traffic can be an 
aspect for investors to evaluate the potential of the company. For example, if the last record of funding 




CHAPTER 2. RESEARCH METHODS 
Section 1. DATASET AND VARIABLES 
As discussed in Chapter 1, the main hypothesis is that there is positive association between web 
traffic and funding outcome of fintech startups. The second hypothesis is that the growth of web traffic 
will affect the funding outcome while the last hypothesis is that B2C companies will be more affected 
by web traffic than B2B companies. To test these three hypotheses, a dataset containing fintech 
companies’ information will be a must. It must at least include funding numbers as dependent variable 
and web traffic metrics as independent variable. In addition, a classification of client focus will also be 
necessary.   
 
Section 1.1        Dataset 
The dataset consists of fintech startups is obtained from Dealroom.co1, an Amsterdam-based 
data and software platform that provides information about startups, innovation and venture capital 
investment. Unlike Crunchbase, which has already been well known for companies’ information, 
Dearoom.co is a comparatively young kid as a platform for companies’ information. Founded in 
2013, Dealroom.co now works for a variety of professionals, ranging from world’s leading investors 
or investing institutes, entrepreneurs and government organizations. It not only provides pure data but 





engineering with robust verification processes and a strong network of ecosystems” (Dealroom, 
2020). 
According to the answer from Dealroom’s community employee, Dealroom.co has collected 
915,194 companies’ information in all until now. Besides, Dealroom.co include data of overview 
(corporate information, funding information, investors, investment analysis), similar companies, 
investment (valuation, market, growth stage, funding, last round), exits, analytics (web traffic, twitter 
tweets, twitter follower, Facebook posts, Facebook follower), team, notes and job information. In the 
data from Dealroom.co, data from similarweb is used in the platform for analysis. Hence, this dataset 
includes not only the dependent variable and independent variable I need but also the other control 
variables I need for analysis. 
Out of all related fintech companies’ data, I chose fintech startups launched in 2008-2018 to 
analyze. There are four reasons to explain why I choose this time span:  
First, as mentioned above, 2008 financial crisis marks a watershed for fintech. It drove the 
revolution in financial industry because the public started to distrust the traditional financial institutes 
such as banks. New players started to stand out to challenge the traditional form. Nowadays, Hong 
Kong and Singapore are issuing the digital bank license which are an obvious threat to traditional 
banks. In addition, the emergency of cross-border payment is also challenging SWIFT system. These 
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companies are the most representative samples combining both finance and technology. The fintech 
after 2008 is called Fintech 3.0 which is the most representative companies for Fintech companies. 
Second, Bitcoin v0.1 was released in 2009, which rocked the whole financial world. A string of 
different kinds of cryptocurrency followed and all boomed. According to the published book 
“Cryptocurrencies and Blockchain Technology Applications”, there are 2322 cryptocurrencies on the 
market at present time with market value 349 billion US dollars (Sharma, Le, Shrivastava, 2020). The 
underwriting technology blockchain became the new buzz. A series of blockchain and crypto-related 
startups came out of water. Cryptocurrency exchange Coinbase, Blockchain company nchain, 
Cryptocurrency-mining giant Bitmain all grabbed much attention. Blockchain-related company is one 
of the major features in the current fintech companies. Investors were crazy about investing the 
crypto-related companies for a long while. Nowadays, many traditional companies are adopting 
blockchain technology for innovation. However, some companies do not have special team to embrace 
the innovation but they have to collaborate with specialized companies such as Consensys, iost, 
Biance, etc. These types of companies are quite representative as well. 
Third, some fintech companies are subsidiaries set up by already well-known mega companies. 
For example, Ant Financial, the financial subsidiary under Chinese E-commerce giant Alibaba Group 
which was founded in1990s. JD digits was established by Chinese Amazon JD.com which was also 
founded in 1990s. In the dataset, these companies’ launch year is very early, as early as early 1990s. 
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Analyzing web traffic of these subsidiary companies would be biased because its mother company is 
already too famous and these companies have already caught many eyeballs. It is possible that 
investors are willing to invest in them due to the support of their cash-sufficient mother company. 
Hence, I would like to choose companies starting from small companies and have undergone all 
processes of funding collections. It would be more representative. 
Fourth, Fintech is led by technology which mainly includes digitalization, AI, blockchain, 
Deep Learning and so on. Although scientists are still struggling to come up with better algorithm, 
current technology, if used wisely, can already have the ability to change the traditional system 
gradually. Plus, there will not be another super influential company coming up suddenly. Therefore, it 
is unnecessary to wait for more years in pursuit of better accuracy. this dataset ranging from 2008 to 
2018 will be enough to analyze. 
Thus, the chosen dataset from Dealroom.co are plausible and comprehensive enough to include 
all my needed variables including dependent variables, independent variables, control variables, time 
of the year and locations I need to control. Combined all those, it is a representative enough dataset to 
be analyzed for a regression analysis on all the three hypothesis I proposed. 





Section 1.2        Variables 
Table 1: list of all the definition of variables used in the regression analysis 
Type of variables Name Definition  
Dependent variable total_funding the size of the funding received from investors 
independent variable trafficvisitors the number of website visitors 
Dummy variable client_dummy B2C, a mix of B2B^B2C=1 and B2B=0 
Control variable last_funding the last funding outcome 
Control variable similartotal the number of similar companies 
Control variable launch_year the year when the company was launched 
Control variable tg_locations the locations where companies are located 
Control variable similarweb_6_mont
hs_growth_unique 
number of website visits growth for the last six 







Table 2 ：Statistical summary of the variables 
  (1) (2) (3) (4) (5) 
VARIABLES N mean sd min max 
            
last_funding 3,309 19.19 87.05 0 2,200 
launch_year 3,309 2,013 2.653 2,007 2,018 
similarweb_6_months_growth_uniqu 3,309 57,471 47,391 4 165,969 
Similartotal 3,309 53,552 15,262 41,087 111,791 
total_funding 3,309 24.94 113.6 0 2,864 
Trafficvisitors 3,309 182,702 723,727 0 5.849e+06 
client_dummy 3,309 0.416 0.493 0 1 
            
 
The observations of variables are listed from above. Overall, these are 3309 accurate data 




Compared to established firms, startup companies have another different evaluation system to 
determine its value. I choose funding results (total_funding) as the dependent variable instead of other 
startup performance metrics (e.g. whether making revenue, startup exits or adding invests or not) 
because most fintech companies are still in the early financing stage without making obvious profit yet. 
The volume of funding would directly signify investors’ confidence in the company and it is related to 
the future higher valuation of the company. With 3309 observations, the average funding number is 
24.94 million euro. 
Independent variable 
In this paper, I use the number of website visitors (trafficvisitors) as the traffic metric to 
measure web traffic.  As we all know, the web traffic is determined mainly by two metrics: user 
number and page views number. The reasons I use only traffic visitors are: 
First, unlike the long-history companies, startup company's information flow is limited. It only 
focuses one or two products/businesses compared to multi-tasking mega companies. Page views 
would not make much difference comparing to traffic visitors. Moreover, previous research done by , 
Hand (2001) confirming that user visits is the most deciding factor in share price changes.  
Second, there are only limited information investors care when they evaluate the startups. 
Hence, the page views would not change much. 
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Trafficvisitors is measured as the total number of traffic visitors before the last funding. 
Therefore, it deletes the mistakes produced by extra visits number added after the latest funding. A 
higher number would mean more visitors paid visit to the website. With 3309 observations, on average, 
the number of traffic visitors is 182,720. 
Either traffic visitors or funding is a static final result, but gaining web traffic is a periodic 
process. Therefore, evaluation of a growing volume for a period is important to be tested to see 
whether a sudden increase would impact the funding outcome dramatically. Therefore, I chose 
“similarweb_6_months_growth_unique” as another independent variable to see if it will cast effect on 
funding outcome. It is mainly used to test the second hypothesis. 
There is also another variable is used in the regression analysis. It is the interaction of dummy 
variable and trafficvisitors (trafficvisitors # client_dummy). This interaction is used to evaluate which 
of the dummy variable will be influenced more. 
Dummy variables 
Usually, there are three types of companies in terms of client focus: B2B (Business to Business), 
B2C (Business to consumer) and B2B/B2C. Fintech companies is no exception. Furthermore, the 
client focus would be more obvious because startups usually start from small before scaling up. Little 
research has done to analyze the difference between B2B and B2C companies casted by the web 
traffic’s effect. In this dataset, B2B, B2C and a mix of B2B and B2C are clearly categorized. As shown 
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in the graph, B2B companies have 1931 observations, accounting 58.4% of the total while B2C 
account for 1045 observations, accounting for 31.5% of the total. Mixed type of B2B and B2C has 333 
observations, accounting for 10.1% of the total.  
Graph 1: distribution of business models in selected fintech startups 
 
 
In my research, I set client type like B2B and B2C as dummy variable. I put mix of B2B and 
B2C in the same category as B2C as I assume companies featuring both B2B and B2C would follow 
similar business model as B2C considering it involves much contact with mass consumers. Keeping in 
touch with mass consumers demands extra team and strategy to follow while B2B sometimes need to 
be focus and only needs a niche team. Therefore, as shown in the Graph 1, B2B companies stand for 




In this paper, I choose similartotal (number of similar companies), last_funding (the number of 
the amount of funding received last time) and similarweb_6_months_growth_uniqu (the number of 
website visits added for the last six months) as control variables.  
Similartotal is defined as the number of each selected companies’ similar companies. The 
average number of similar companies is 5,3552. In the very big picture of fintech startup, competitor 
analysis is a necessary step as the competitors’ existence would affect startup company’s market share 
and even survival rate. If the company is pioneering and very unique, it would definitely attract more 
interest from investors. Otherwise, if the startup company lacks distinguishable features, it would not 
attract any attention from the outside investors. Nobody would have faith in its success because the 
competitors are too big and monopolized the market. Therefore, investors would also consider this 
number as a criteria before investing. Hence, the data about the number of similar companies is worthy 
to be controlled.  
For listed company, its performance can be seen in financial reports or reflected on stock prices. 
But for startups, funding is the lifeline which depends on startup’s performance. Unlike listed 
companies, startups’ last received funding is one of the important indexes for investors to evaluate the 
decision whether to invest or not. If the already received funding is high, it sends out the signal that 




Section 1.3        Regression Model 
I extracted a panel dataset containing fintech companies from 2008 to 2018 out of the original 
dataset from dealroom. There are two reasons for me to choose to use fixed effect model by time and 
by region.  
On one hand, the selected data consists of fintech startups launched in various years, ranging 
from 2008 to 2018. Over the 10 years’ time span, either capital power or company valuation is 
changing over time. By only measuring the effects of web traffic in one single year, we can analyze the 
companies in individual year and the average effect of these variables on companies, which is ideal for 
research.  Therefore, it is ideal if choose fixed effect model at the launching year level. As you can see 
through the Graph 2 below, there are different companies launched at each year with 2014 reaching 
the climax. For example, a company set up in 2018 would definitely receive less money than a 
company founded in 2012 because the latter one has secured more than one funding round but it just 
finished angel round or Series A.  
Moreover, for one company, the funding it can receive from investors could also vary among 
the years considering some other factors including the big environment, different rounds of funding or 
investing institutes bidding for higher price, etc. As seen from the Graph 3 below, the funding volume 
in each year is also different, although they follow the similar long-tail structure which shows that 





Graph2: Distribution of launched fintech companies from 2008 to 2018 
 
 
Graph 3: Distribution of the total_funding received in each year from 2008 to 2018 
 
 
On the other hand, fintech startups are all over the globe with investors coming from the 
worldwide. However, capital power is different in different area considering local GDP or average 
 
26 
consumer price. For example, startup company in China would be valued differently from the 
company in Sri Lanka considering the GDP per capita. In addition, there are some local PE or VC 
especially focus on local business. Different places have different investing taste and investing habit. 
By only measuring the effects of web traffic by region, we can analyze the companies in same region 
and the average effect of these variables on companies, which is ideal for research. 
Section 2. RESEARCH STRATEGY 
Based on previous research on the association between web traffic and firm value, I hereby 
constructed a scatter plot between trafficvisitors (independent variable) and total_funding (dependent 
variable). As seen from the Graph 4, total-funding is positively associated with trafficvisitors. Due to 
the number of traffic visitors is too big compared to total_funding, the coefficient/slope is 
comparatively lower. 




Therefore, I would construct a linear regression between trafficvisitors as independent variable 
and total_funding as dependent variable. However, it is obvious that there are still some other spots far 
away from the regression line, so I would add other control variables. 
Combined with what have observed from the variables, it is fair to say that a simple linear 
regression is not enough to justify the relationship between web traffic and the funding companies can 
secure. I would add similartotal (number of similar companies) and last funding (number of funding 
outcome received last time) as control variables to test the hypothesis 
In the meantime, a fixed effect model will be adopted. Once the time and locations are fixed, 
with the above control variables factors considered, the relevance between web traffic and funding 
size will come out. 
In addition, I would like to add growth for the last six months 
(similarweb_6_months_growth_uniqu) as another variable to test the hypothesis 2.  
Last but not least, as we all know, B2B companies and B2C companies, although in the same 
industry, business model and marketing approaches are very different. Hence, the interaction between 
B2B and B2C is necessary and we can adjust related companies’ future strategy due to the results if we 
find out which will be affected more. I will add the interaction as variable to observe its P-value in 
order to test my 3rd hypothesis. 
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Section 3. CORRELATION 
Table 3 ：Correlation of the variables 
Variables (1) (2) (3) (4) (5) (6) (7) 
(1) last_funding 1.0000       
(2) launch_year -0.1239 1.0000      
(3) similarweb_6_months_growth_uniqu -0.0490 -0.1506 1.0000     
(4) similartotal 0.0584 -0.1078 0.0559 1.0000    
(5) total_funding 0.5588 -0.0979 -0.0349 0.037 1.0000   
(6) trafficvisitors 0.1885 -0.1685 -0.0791 0.0596 0.037 1.0000  
(7) client_dummy 0.0038 -0.0042 -0.0072 -0.263 0.0498 0.1029 1.0000 
        
                
 
According to the correlation matrix, it is not hard to maintain that all variables are not strongly 
associated with each other. A majority of the correlation figures are under 0.1, which means 
insignificant. Only the correlation between launch_year and last_funding (-0.1239), between 
similarweb and launch_year （-0.1506）, between similartotal and launch_year (-0.1078) and between 
trafficvisitors and launch_year(-0.1685). The correlation between client_dummy and simiartotal is 
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also slightly higher (-0.236) but the correlation between total funding and last funding, which is 
0.5588, marks the highest point, but it is still only comparatively higher.  
Therefore, an OLS regression is safe to be used for a linear regression between trafficvisitors 




CHAPTER 3. ANALYSIS AND RESULTS 
Section 1.  REGRESSION ANALYSIS 
Considering all the above data characteristics, first, I estimate an OLS model with panel 
structure to test Hypothesis 1 With number of similar companies and number of web traffic growth as 
control variable. In the meantime, the year when company launched and the locations located are 
structured with controlled.    
total_funding =  𝛽0 trafficvisitors + 𝛽1 similartotal + 𝜷𝟐 last_funding+ 𝜷4 client_dummy 
 + i.launch_year + tg_locations + 𝜀 (Column 1, Table 4) 
As seen from column 1, table 4, independent variable trafficvisitors is strongly associated with 
dependent variable total_funding (P<0.01) with the regression coefficient is 0.0000301. Due to the 
number of independent variables “trafficvisitors” is too big, the coefficient is comparatively lower. 
There are about 40.3% of the data samples fits Model 1 in table 4. Hence, Hypothesis 1 is proved.  
The next step is to test Hypothesis 2. On the basis of last equation, I add another variable named 
similarweb_6_months_growth_uniqu. 
total_funding = 𝛽0 trafficvisitors + 𝛽1 similartotal + 𝜷𝟐 last_funding+ 𝜷𝟑 client_dummy +𝜷4 
similarweb_6_months_growth_uniqu + i.launch_year + tg_locations + 𝜀 (Column 2, Table 4) 
As seen from column 1, table 4, similarweb_6_months_growth_uniqu is weak in explaining the 
dependent variable total_funding (P>0.1).  There are about 40.3% of the data samples fits Model 2 in 
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table 4. Hence, Hypothesis 2 is rejected. But the trafficvisitors is still strongly associated with depend 
variable total_funding. 
The next step is to test the different effect cast on different client-focused companies. Because I 
set the client_focus as dummy variables. To test which will be affected more, correlation between two 
dummy variables need to be tested. Therefore, I added the interaction as another variable in the 
following equation. 
total_funding =𝛽0 trafficvisitors + 𝛽1 similartotal +𝜷𝟐 last_funding + 𝜷𝟑 client_dummy + 𝜷4 
client_dummy * trafficvisitors + i.launch_year + tg_locations + 𝜀 (Column 4, Table 4) 
In the variable column, there is dependent variable total_funding and independent variable 
trafficvisitors. last_funding, similartotal are two control variables. client_dummy # c.trafficvisitors 
means the interaction between dummy variables which are B2b (0) and B2C (1). 
 I tested whether trafficvisitors can meet the estimation in column 4, table 4, the regression 
coefficient is 0.0000128 (P<0.01), which is statistically significant. In addition, about 41% of the data 
samples fits Model 4 in table 4. It shows a positive linear regression between trafficvisitors 
(independent variable) and total_funding (dependent variable) 
To test if B2C will be affected more in terms of the web traffic influence on total funding size, 
I added interaction between dummy variable (client_dummy). The coefficient of variance is 
0.0000264 (P<0.01), which means it is statistically significant. What is worth to notice is the 
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coefficient of client_dummy, which is 1.260. It means the B2C and B2B/B2C mixed companies, in the 
dataset, has got more funding than B2B companies.    
Hypothesis 3 is proved. 
In column 3 from table 4, I added similarweb_6_months_uniqu as another control variable, and 
the results barely changed.  The regression coefficient is 0.0000129 (P<0.01), which is statistically 
significant. In addition, about 41% of the data samples fits Model 3 in table 4. It shows a positive linear 
regression between trafficvisitors (independent variable) and total_funding (dependent variable). The 
coefficient of variance is 0.0000264 (P<0.01), which means it is statistically significant. The 
coefficient of client_dummy, which is 1.275. It means the B2C and B2B/B2C mixed companies, in the 
dataset, has got more funding than B2B companies.    
total_funding =𝛽0 trafficvisitors + 𝛽1similartotal +𝜷𝟐 last_funding + 𝜷𝟑 client_dummy + 𝜷4 









Table 4: Fixed effects regression analysis among Model 1, Model 2, Model 3 and Model 4  
  (1) (2) (3) (4) 
VARIABLES Model Model 2 Model 3 Model 4 
Trafficvisitors 3.01e-05*** 3.01e-05*** 1.29e-05*** 1.28e-05*** 
  (2.29e-06) (2.30e-06) (3.79e-06) (3.79e-06) 
client_dummy 5.660* 5.643* 1.260 1.275 
  (3.413) (3.414) (3.483) (3.482) 
1.client_dummy#c.trafficvisitors     2.64e-05*** 2.64e-05*** 
      (4.63e-06) (4.63e-06) 
Similartotal 6.48e-05 6.30e-05 7.88e-05 8.05e-05 
  (0.000111) (0.000111) (0.000110) (0.000110) 
last_funding 0.657*** 0.657*** 0.658*** 0.657*** 
  (0.0200) (0.0200) (0.0199) (0.0199) 
similarweb_6_months_growth_uniqu   1.23e-05 1.12e-05   
    (3.49e-05) (3.47e-05)   
Constant -17.44 -18.22* -14.67 -13.97 
  (10.61) (10.83) (10.80) (10.57) 
Observations 3,309 3,309 3,309 3,309 
R-squared 0.403 0.403 0.410 0.410 
Standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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To test how trafficvisitors in B2B and B2C can affect total_funding respectively, I estimated 
two linear regressions respectively within B2B and B2C. 
B2C:  total_funding= 𝛽0 trafficvisitors + 𝛽1similartotal + 𝜷𝟐last_funding + 𝜷𝟑 
similarweb_6_months_uniqu + i.launch_year + a(tg_locations) + 𝜀  (B2C, Table 5) 
B2B: total_funding = 𝛽0 trafficvisitors + 𝛽1similartotal + 𝜷𝟐last_funding + 𝜷𝟑 
similarweb_6_months_uniqu + i.launch_year + a( tg_locations) + 𝜀 (B2B, Table 5) 
It is not hard to see from Table 5 that for both B2B and B2C companies, trafficvisitors is 
strongly related to the total funding they can get. The coefficient of B2C (0.0000229, P<0.01) is larger 
than B2B (0.0000173, P<0.01), which means the positive association is stronger in B2C than in B2B. 
Again, the reason why coefficient is small is that the number is too big which drives the coefficient to 
a small number. 















Table 5: regression analysis B2C companies and B2B companies 
 
(1) (2) 
VARIABLES B2C B2B 
trafficvisitors 2.29e-05*** 1.73e-05*** 
 
(3.22e-06) (2.71e-06) 
similartotal 5.63e-05 0.000174* 
 
(0.000235) (9.13e-05) 
last_funding 1.564*** 0.355*** 
 
(0.0449) (0.0162) 
similarweb_6_months_growth_uniqu 7.87e-05 -3.57e-05 
 
(5.73e-05) (3.27e-05) 
Constant -30.73 -3.370 
 
(19.21) (9.379) 
Observations 1,378 1,931 
R-squared 0.591 0.479 
Standard errors in parentheses 




Section 2. RESULTS 
To see the results more directly, the four models from table 4 can be represented in the form of 
simultaneous equations as below.  
total_funding= 0.0000305 trafficvisitors + 0.0000177 similartotal+ + 0.656678 last_funding – 17.44 
 (Equation 1) 
total_funding= 0.0000306 trafficvisitors + 0.0000159 similartotal+ + 0.6570769 last_funding + 
0.0000132 similarweb_6_months_growth_uniqu-18.22 (Equation 2)  
 total_funding= 0.0000129 trafficvisitors + 0.0000788 similartotal+1.26 client_dummy + 0.6576792 
last_funding + 0.0000264 client_dummy#trafficivisitors+ 14.67 (Equation 3)  
total_funding= 0.0000128 trafficvisitors + 0.0000805 similartotal+ 1.27 client_dummy+ 0.6573 
last_funding + 0.0000264 client_dummy#trafficvisitors -13.97 (Equation 4)  
According to the analysis of these models, two of my hypotheses are proved, which are: 
1. The number of trafficvisitors is positively related to total funding size 
2. In terms of the funding size driven by web traffic, B2C is more influenced than 
B2B companies 
One hypothesis is rejected, which is: 




The first result confirmed the past results, stating web traffic’s influence on firm’s value. Even 
though past results only were conducted on established internet companies, it still aligns with the 
results in the context of startup companies which has different system for evaluation. To be more 
specific in this paper’s context, it has positive influence on startup’s potential in attracting funding 
from investors. One possible explanation is the importance of website describing the company's 
information including product/project details and team’s credibility. Through visiting website, 
investors would acquire enough information about the company and its product. For most startup 
companies, the real product may be not even in the market yet, thus website could already explain 
everything. For example, the new AI startup company is comprised of three MIT extinguished 
Machine learning Ph.D, investors do not even bother to meet in person or wait for the real product, 
they will not hesitate to invest. 
The second result rejects my hypothesis that a short period of growth of website visits would 
positively affect the total_funding (dependent variable). In the market of fintech ecosystem, there must 
be companies which has already built a large number of brand awareness while some were just born. 
This result can be explained that even though some famous companies are experiencing a slow growth, 
it can still attract investors as long as it has reached a level of website visits. Therefore, for long-history 




The third result proved the difference between B2B and B2C companies in terms of web traffic 
influence on funding size. B2C companies, featuring targeting mass consumers as clients would need 
more opportunities to be in touch with consumers. This is why some fast-consuming companies need 
both online and offline marketing or PR activities to keep in touch with direct consumers. But fintech 
companies, featuring technology-based financial companies still need consumers’ awareness, but 
online marketing would be better than offline activity. For example, YouTube, Instagram, Facebook 
can all be the platform where fintech companies can show themselves. Compared to B2C companies, 
B2B companies obviously would not benefit more from addressing much importance on online 
marketing. This probably could be explained by B2B companies’ quality that emphasizes the constant 
relationship with business partners whom they prefer to conduct face to face sales. 
From Table 5, to see the results more directly, the two models can be represented in the form of 
simultaneous equations as below.  
total_funding= 0.0000229 trafficvisitors + 0.0000563 similartotal+0.0000787 
similarweb_6_months_growth_uniqu + 1.564 last_funding – 30.73 (B2C) 
total_funding= 0.0000232 trafficvisitors + 0.00018 similartotal+ + 0.353 last_funding + 
0.0000338similarweb_6_months_growth_uniqu – 3.37 (B2B)  
We can conclude that in both B2B and B2C companies, traffic visitors are positively related to the 
total_funding. But because the coefficient of B2C is bigger than B2B companies, B2C company is 
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more influenced than B2B companies. But there is no significant difference between them in terms of 
coefficient. 
Section 3. ADDITIONAL FINDINGS 
There is also some other finding can be found from the analysis process: 
First, from column 2 which is in B2B scenario, table 5, it is interesting to find that control 
variable similartotal shows one-star significance (P<0.1) while it is not significant in B2C filed. It can 
be concluded that number of competitors play a bigger role in B2B funding factors than in B2C. It 
directly showed that when investors decide to invest in B2B companies, the number of competitors 
would affect its value. Obviously, the more competitors, the less value the companies are. It is easier to 
understand because B2B market is more limited and the business is limited. B2C market is bigger and 
there are more room to explore opportunities. Therefore, the investors would be more conservative in 
investing B2B companies.  
Second, the positive relations vary among years. According to the Table 3, the relationship is 
statically significant from 2010 to 2015, 2010 is the most significant one with three-star significance 
across four columns. The influence starts to ebb away after 2015, which can be seen from the number 
of launched companies in Graph 1 where there are a decreasing number of companies after 2015.  
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Third, according to the graph four, both B2B and B2C companies have room to improve in 
terms of increasing traffic visitors. Through the long tail shape of the trafficvisitors, we can observe 
that lower number of traffic visitors take majority of percentage.  
Graph 5:  Trafficvisitors’ percentage between dummy 0 (B2B) and dummy 1(B2C) 
 
Fourth, according to the overall distribution of business models in the data, we observe that 
there are more B2B companies than B2C companies. But throughout the 10 years’ time span, B2B 
companies are taking the lead every year and the gap is increasing. However, according to the analysis 
(column 4, table 3), B2B companies have less total_funding than B2C companies. Therefore, we can 






Graph 6: Distribution of client_dummy variable at each year 
 
Fifth, in the previous analysis, we have observed that the existence of similar companies would 
affect B2B more than B2C companies. But according to Graph 7, B2C companies have more percent 
of low-number similar companies. There are only a few similar companies over 80000, but B2B 
companies have some large-number similar companies. It is not hard to understand because B2C 
companies need a very narrowed down market for them to target. This could indirectly confirm the 








Graph7: Comparison of similatotal between 0 (B2B) and 1 (B2C) 
 
Sixth, I observe the strong relationship between last_funding (control variable) and 
total_funding (dependent variable). The P-value also <0.01 with coefficient is 0.657. It is quite a 
strong positive relationship, which is not hard to understand. Because for investors, there are not as 
many as index as established firms to evaluate. Last funding’s volume undoubtedly is a very important 
signal that if the previous investor is confident in this company or not. This is also why added 
last_funding as control variable. Because there are still some startup companies was launched early 
and they have already attracted a decent number of funding already. Therefore, for companies, every 
chance of funding opportunity should be seized and try to get the biggest number of funding.  
Seventh, from the Graph 8 and Graph 9 seen below, we can observe that most companies are 
increasing their web traffic slowly and at a small number. The growth reached the lowest point at 
70000 times. It is fair to say that most companies are still not addressing the web traffic enough, which 
need to be improved in the future. Furthermore, if we look into details further from graph 9, we 
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observe that B2B and B2C companies follow the same trend that slow growth takes the majority while 
around 70000 times is the lowest point. But the small number ‘s percentage is even higher in B2C 
companies. Therefore, there is still large room for B2C companies to improve their web traffic.  
Graph 8: Distribution of “similarweb_6_months_growth_unique) by percent 
 







CHAPTER 4. CONCLUSION 
 
Section 1. LIMITATION 
Although this paper has proved two of my hypotheses I have proposed, there are still some 
questions left and unsolved. I list all of the limits here for further improvement. 
First, endogenous problem between independent variable and dependent variable. Although 
more traffic visitors would attract more funding, it is still possible that more funding would attract 
more visitors to the company portal. For example, a fintech company called N26. It has promoted 
itself on social media or it was reported by Bloomberg. Some curious people would be attracted by this 
and go to the website to see further details about the company. Potential investors would be one of 
them. It definitely would add more possibilities for the company to get the money if their website 
amused the investors. However, if N26 received funding from venture capital, especially big famous 
investment institute, the company would catch more eyeball definitely and it would push them to go to 
the website for further information. This endogenous problem commonly exists in research and there 
are some solutions to alleviate the problem. One of the possible ways is using 2LSL method. However, 
I do not have enough data to support this model. But I am aware of this problem and hope for further 




Second, number of traffic visitors is the only one important metric of web traffic. According to 
Wikipedia, there are several metrics to analyze web traffic, including the number of visitors, the 
average number of pageviews per visitor, average visit duration, domain classes, busy times, most 
requested pages, most requested exit pages, top paths and referees. Current dataset could not fit all the 
needed metrics, so there are some possible control variables to be tested. Although there has been 
research that traffic visitors is usually the most influential factor but it is still good to correlate with 
others in order to confirm the deciding factor. But bottom line is for startup companies’ website, it 
does not include much information but corporate introduction, team member, product/project 
information. Page views will not play a big role in affecting the regression results. 
Third, the result is based on the classification of B2C and a mix of B2B and B2C, and B2B. 
Although my defense that a mix of B2B and B2C should be in the same category with B2C is 
reasonable, it is not perfect. There should be exceptions, making the result not this clear. If you change 
the classification standard, the results will change as well.  
Fourth, I don't have the incremental analysis on web traffic. Whether it would be still effective 
in 10 years is still a question mark. Jorin and Talmor (2001) applied the life-cycle analysis and 
maintained that non-financial data is more important in early stage but they concluded that the 
non-financial data function diminishes with time going by in the next 10 years. Therefore, if I can do 
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an incremental analysis would be much better. However, my current knowledge does not allow me to 
struct such an analysis. 
Fifth, although Fintech is emerging but it still involves many kinds of industries/sub categories. 
Cryptocurrency, payment, exchange, insuretech or regtech would all be included in the big ecosystem 
of fintech. If I can dig further, the results would be more instructive to specific industry. For example, 
cryptocurrency, due to its wealth swelling, could be more funding-attractive than reg tech companies 
at certain stage. Vice versa, at some stage, Reg tech would be the apple in investors’ eye. 
Sixth, the coefficient of trafficvisitors (independent variable) is comparatively small. It does 
not mean it is insignificant. Because traffic visitors’ number is too big, ranging from 0 to 5.849e+06. 
The size of the number would affect the coefficient. The same explanation can also be applied to the 
coefficient of the interaction between the dummy variables. 
Seventh, social media activity can be one of the control variables to use because there is 
previous research on the association between social media activities and startup’s funding outcome. 
However, it is quite difficult for me to collect the related data. The data in the dataset is in s string data 
form which is not easy to separate and prone to be mistaken. Therefore, I did not put social activity 




Section 2. PRACTICAL IMPLICATION 
Based on the results and what have been discussed above, it is fair to say that putting efforts in 
building website in an attempt to attract more eyeball is necessary and it is a useful tool to guarantee 
more funding for fintech startups.  
Strategically speaking, either B2B companies or B2C companies should put attracting more 
web traffic and improving website through web analytics at a strategic level. B2B companies may 
need less effort than B2C companies which need to be in high frequency with customers. B2B 
companies need to be put more efforts on differentiating itself from other similar companies in order 
to win more funding.  
To be more specific, measures can be taken are based on the traffic sources which are in the 
database selected from Dealroom.co. It recorded the traffic sources, which are from search, from 
Social (media), from Mail, from Paid referral, from Direct, and from Referrals. 
First, choosing an easy-to-remember name. Nowadays, room for startups to promote itself is 
larger and larger. Startups can show itself both online and offline. When offline, startups can provide 
roadshow, sponsor conference and even pitch itself on stage. Based on this, impressing audience with 
company name is very important, which explains why some startups or established companies like 
using verbs as their names. For example, “Google” can be used in Google it, the new buzz word 
“zoom” under the context of Covid-19, SouthEast Asian Unicorn “Grab”., etc. 
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Second, using digital marketing wisely, especially social media marketing tool actively and 
wisely. Due to the active users on social media, more and more companies are trying very hard to show 
their presence online, including buying ads on Google/Facebook/Instagram/Twitter or other local 
popular social media platform. It not only would increase the company’s brand power but provide a 
direct link to its website. For online surfers, if they are attracted, they would click the ad and go visit 
the website directly. 
Third, actively using company’s official social media account. Active use of social media not 
only can offer the most updated information of the company but provide more interaction room with 
consumers. Consumers can give feedback or ask questions which would offer the opportunities for the 
company to know better about their consumers or clients. For B2C companies, especially e-commerce 
platform such as Amazon, the direct link would largely lead to sales. Or companies can launch the ads 
about the new business line through social media promotion. 
Fourth, Mail subscription. Traditional media such as New York Times, Nikkei Asian Review, 
or portal news are all offering this service to consumers under their agreement. Companies can still 
open services like this in order to maintain constant contacts with their clients or possible investors. 
But nowadays, mail subscription is not as popular as before. Companies need to be more conservative 




Fifth, constructing effective partnership. We can see that there are sources of either paid 
referrals or referrals. Therefore, a good partnership with others are very important to companies, 
especially fintech startups who are new and less known. With already famous company selling or 
referring, the startup companies will earn more credibility and brand awareness. Many startup 
companies are listing their senior partner companies on their website. Therefore, keeping the 
companies’ presence on other companies’ website is also a free promotion. 
Sixth, using web analytics tool to improve website. Web analytics is the measurement, 
collection, analysis and reporting of web data for purposes of understanding and optimizing web usage 
(Wikipedia, 2020). Some research has already proved the relevance of using web analytics can boost 
web traffic.  In the current market, there are many analytics tools available to use, including Google 
Analytics, Spring Metrix, Woopra., etc.   
For investors, the paper’s result also has some meaning guidance. Investors are facing some 
information asymmetry problems when they make decision which company to invest. Based on this 
paper’s result, investors can use the web traffic data of the company to evaluate the startup company 
they want to invest. When they want to invest B2B companies, they may take a break to do due 
diligence trying to analyze the number of the competitors B2B company has because the competitor 
number is more influential. In addition, as the regression result shows, the number of last funding is 
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still vey statistically significant. Therefore, for investors, the number of the last funding is also worthy 
to be considered.  
Section 3. CONCLUSION 
Web traffic has long been discussed since the invention of world wide web, and its influence 
had also pushed professionals to think of strategies to boost website visits in an attempt to attract more 
potential investors or customers for more sales. Quite a lot of research has done on web traffic in the 
context of marketing or advertising strategies. Only a few researches used web traffic as non-financial 
factor to evaluate firm value and the results are all positive association between web traffic and firm 
value. But they all evaluated established firms, especially technology-based internet companies 
instead of startup companies.  
In my research, I chose fintech startup companies as the research targets because startup 
companies are comparatively new concept. Compared with established firms, startup companies have 
little solid records (financial statements, stock price, book value, etc.) for investors to consult except 
limited evidence such as web traffic data or last round of funding. Therefore, I came up with the first 
hypothesis that web traffic is positively related to the funding outcome. There are many kinds of 
companies, big or small, acquired or just launched, their web traffic must be growing at different pace. 
I used the growing volume of the last six months as another control variable to check if it would 
influence the funding outcome. My third hypothesis is about the influence on B2B and B2C 
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companies which are totally different business models. Previous research has proved the significance 
on B2C companies but there is not comparison between them. Therefore, I came up with the third 
hypothesis that web traffic will have more influence on B2C companies than B2B companies. 
After using an OLS with fixed effect model by time and by region, I have proved my first 
hypothesis and third hypothesis, my second hypothesis is rejected. Therefore, it is fair to say that web 
traffic is still important for companies, fintech startup companies to be more specific. Although there 
are B2B and B2C fintech startup companies, they both can benefit from more traffic visitors in terms 
of how much they can secure for funding. But the effect is bigger for B2C companies than B2B 
companies. It means B2C companies therefore should put more effort on boosting their web traffic for 
better funding outcome. B2B companies, however, can use this web traffic wisely in order to 
reasonably allocate limited resources. 
There are also some other interesting findings besides the main hypothesis. For example, the 
number of competitors would affect B2B companies more comparing to B2C companies in terms of 
funding outcome. B2C companies is easier to get funding than B2C companies according to the 
analysis. The impact of web traffic varies long the time, which also explains why we need a fixed 
model by time for more accurate results.   
This paper can deliver some practical suggestions in the capital market. The importance of web 
analytics has been acknowledged by the industry. But using web analytics is based on admitting the 
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importance of web traffic. Besides, companies should learn how to add its online exposure. The 
current economic or social activity is both online already, people make friends, order meal, learning 
and working are all done online. Hence, companies should learn how to expose itself online so that 
people can memorize you among so much information. In addition, B2B companies should take a 
different approach from B2C companies as it is less affected by the web traffic. B2B companies 
should put more efforts on keeping loyal and stable clients instead of attracting a mass number of 
clients. Because a short period of sudden growth would not bring much funding unless the company 
has already had a mass base of visitors. Therefore, for a startup company, running the websites is a 
long-term process with stable growth with the ultimate goal of earning final visiting base. For 
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